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1. Introduction 

In June 2009, the Financial Accounting Standards Board (FASB) issued SFAS No. 166 

(Accounting for Transfers of Financial Assets) and SFAS No. 167 (Amendments to FASB 

Interpretation No. 46(R)). The primary objective of these two standards was to improve financial 

reporting about transfers of financial assets, a transferor’s continuing involvement with transferred 

financial assets (SFAS 166), and an entity’s involvement in a variable interest entity (VIE) (SFAS 

167, 2009). Although all firms are subject to SFAS 166 and SFAS 167, these standards primarily 

affect holders of asset-backed securities (ABS).  

The aim of this study is to answer whether the “financial reporting improvements” 

mandated by SFAS 166 and SFAS 167 (SFAS 166/167, hereafter) resulted in the conveyance of 

greater transparency about asset-backed securities to investors. Asset-backed securities are created 

by buying and bundling loans – such as residential mortgage loans, commercial loans and 

consumer loans – and creating securities backed by those assets, which are then sold to investors. 

Asset-backed securities are the cornerstone of securitization, which is the process of issuing, 

organizing or initiating these securities to retain an economic interest in a material portion of the 

credit risk for any asset that securitizers transfer, sell, or convey to a third party.  

Prior to the financial crisis, securitization had become one of the defining features of the 

financial landscape. Banks were essentially underwriters of their own loans and investors in other 

banks' securitized assets. Securitization was thought to have stimulated loan supply, increased the 

liquidity of banks’ balance sheets, allowed a broader range of investors to access a class of assets 

hitherto limited to banks, and, by increasing risk diversification, to have improved financial 

stability (Duffie, 2008).  
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In 2007, the burst of the housing bubble in the U.S. and the collapse of the subprime 

mortgage market ignited a severe global financial crisis. The market for securitized assets 

shriveled, as securitization was blamed for financial instability and received an unprecedented 

amount of attention from regulators and market participants. For instance, George Miller, 

Executive Director of the American Securitization Forum (ASF), wrote in testimony for the United 

States Senate Committee on Banking, Housing, and Urban Affairs (2010, Senate Report 111-176) 

that “ASF supports increased transparency and standardization in the securitization markets, and 

related improvements to the securitization market infrastructure” (2009). As a response, the FASB 

tightened the consolidation requirements for securitizations and issued SFAS 166/167. These two 

standards created drastic changes in the financial reporting of entities with asset-backed securities. 

For instance, the Federal Reserve Bank of St Louis reported that as of March 31, 2010, adoption 

of these two new accounting standards led domestically chartered U.S. banks to consolidate more 

than $350 billion of assets (2011). Despite these drastic changes in the financial statements, there 

is an open empirical question. Do SFAS 166/167 actually remove (any) asymmetric information 

frictions regarding securitization transactions? Answering this question is the main objective of 

this study.  

Further, the analysis of the impact of SFAS 166/167 allows me to shed light on the state of 

securitization transactions in the post-crisis period. The link between banks’ information 

environment and the off-balance sheet treatment of asset-backed securities has been one of the 

most fundamental issues for accounting and finance scholars, and lack of disclosure made it 

impossible for investors in asset-backed securities to assess the risks of the underlying assets 

during the financial crisis of 2007–2009. This resulted in an interbank lending freeze and a 

constriction of the general flow of credit (The United States Senate Committee on Banking, 
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Housing, and Urban Affairs, 2010, Senate Report 111-176). The financial crisis of 2007–2009 and 

the wave of regulatory changes following the crisis (e.g., SFAS 166/167, Dodd-Frank Act) 

changed the face of the securitized banking system as we know it. It is crucial to understand the 

current standing of this industry, and how SFAS 166/167 might have contributed to this change.  

My first hypothesis is that SFAS 166/167 decreases the information asymmetry of banks 

that report ABS. I test my first hypothesis using a set of bank holding companies (BHCs) that 

report asset-backed securities from Q1 2001 until Q4 2018. I regress information asymmetry, 

proxied by bid-ask spread, and effective bid-ask spread on total asset-backed securities, a post-

SFAS 166/167 dummy variable, the interaction of these two variables, and a host of control 

variables to control for differences such as size, capital requirements, loan portfolio, risk profile, 

trading volume and market sentiment. My results indicate that the positive association between 

asset-backed securities and information asymmetry is weaker in the post-SFAS 166/167 period, 

which suggests that these new standards improved transparency.  

Second, I examine whether the impact of SFAS 166/167 on securitizing banks is weaker 

in more visible securitizing banks. More visible banks attract more attention and scrutiny in the 

financial market. Thus, these banks are more careful with their reporting practices, which includes 

reporting additional and clearer information about securitization transactions, regardless of the 

new standards. Using bank size, analyst coverage, and the rank of a bank’s market value as 

measures of bank visibility, I find that more visible securitizing banks are less sensitive to SFAS 

166/167. 

It is tempting to attribute my results solely to the relief started at the end of the financial 

crisis of 2007–2009, rather than to the improved disclosure practices. To provide further assurance 

that this association is partially due to SFAS 166/167, I employ a propensity score matching model, 
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building a control sample using non-securitizing banks. Non-securitizing banks do not engage in 

transfers of financial assets and, because SFAS 166/167 are intended to improve disclosures about 

transferred financial assets, non-securitizing banks are not expected to be affected by SFAS 

166/167. My matching model assumes that securitizing and non-securitizing banks were affected 

similarly by all other regulatory changes and the financial crisis of 2007–2009, and the only 

difference is the exposure to SFAS 166/167. Employing a difference-in-difference research design, 

I regress information asymmetry on total securitized assets, a post-SFAS 166/167 dummy variable, 

the interaction of these two variables, and a host of control variables, to control for unobserved 

differences in the treatment and control samples. My results report that securitizing banks 

experience a larger decrease in information asymmetry from the pre- to the post-SFAS 166/167 

periods than non-securitizing banks. 

My research makes several contributions. First, I advance the literature on the effects of 

SFAS 166/167 on reporting practices of total ABS. To the best of my knowledge, this is one of the 

first studies to examine the informational consequences of SFAS 166/167.  These results should 

be of interest to policy-makers, scholars, and investors. The success (or lack of it) of these 

standards can shape the policy-making of investors on securitization transactions. In addition, 

showing how these standards  affect information about ABS can help researchers and practitioners 

to further examine the underlying forces that drive investor demand for the securitization industry 

(e.g., investors’ perception of the securitization industry, incentives to invest in securitized loans). 

Without any doubt, the securitization industry has changed dramatically since the financial 

crisis of 2007–2009. My study offers a unique insight into the current standing of the securitization 

industry. I acknowledge the scholarly challenge of studying the impact of the passage of SFAS 

166/167 during a period of financial upheaval. However, a study examining regulations around the 
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crisis period still bears importance for policy-makers and can reveal future research opportunities. 

My study presents evidence that information opacity surrounding securitization transactions has 

weakened since 2010, and that SFAS 166/167 have made an incremental contribution to 

decreasing the information asymmetry associated with ABS. Future research can be undertaken to 

examine the effects of SFAS 166/167 on banks’ behavior, such as banks’ risk-taking activities 

following the new standards.  

Second, I contribute to the literature on disclosure and recognition. The new standards 

require both the recognition of additional securitization transactions on financial statements that 

were previously disclosed in the footnotes, and the disclosure of additional information on these 

transactions that was previously withheld from the market. Prior research largely focuses on the 

value relevance of recognized versus disclosed information (e.g., Schipper, 2007). Overall, these 

studies suggest that recognized amounts are more reliably measured than disclosed amounts, and 

that investors process recognized and disclosed information differently. My research offers an 

alternate setting, enabling analysis of the combined effect of recognition and disclosure on 

information asymmetry. The findings also open up other opportunities to expand our 

understanding of the implications of the combined impact of disclosure and recognition for 

investors.  

Section 2 presents the background. Section 3 discusses prior literature and presents testable 

hypotheses. Section 4 describes the research design. Section 5 presents empirical tests and results, 

while Section 6 discusses the matched sample, and Section 7 the robustness analysis. Finally, 

Section 8 presents my conclusions. I present additional analyses in an Internet Appendix.  
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2. Background information 

2.1 Securitization 

Securitization is a method of financing whereby loan receivables or other cash flows are 

bundled into securities known as ABS and sold to investors. ABS are created by buying and 

bundling loans (e.g., residential mortgage loans) and creating securities backed by those assets. In 

securitizations, the issuer (e.g., banks) transfers financial assets to a special purpose entity (SPE) 

to legally isolate the assets even in the case of the issuer’s bankruptcy. The SPE sells one or more 

types of ABS representing claims to the cash flows generated by those assets to investors, with the 

issuer often retaining some portion of the ABS or other contractual interests (e.g., servicing rights 

and recourse obligations).  

In this paper, a securitizer is defined as an entity that issues, organizes, or initiates ABS, so 

as to retain an economic interest in a material portion of the credit risk for any asset that securitizers 

transfer, sell, or convey to a third party. 

2.2 Securitization entities 

An SPE is a legal entity that is typically restricted by a contract or corporate charter to 

fulfill narrow, specific, or temporary objectives. SPEs are typically used to isolate assets in 

bankruptcy-remote entities. In a securitization, for instance, if the SPE bankrupts, its use could 

help to insulate all other parties involved in this securitization transaction. Another advantage of 

using a non-consolidated SPE is that it enables issuer/transferor firms to obtain off-balance sheet 

financing of the assets held by the SPE and to recognize income on transactions with the SPE. 

Since this paper focuses on securitizing transactions, I only consider securitization SPEs, but other 

types of SPE can be  used in synthetic leases and R&D projects. 
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Because securitization SPEs are typically insufficiently capitalized, with little or no true 

“equity” for accounting purposes, and are rarely designed to have a voting equity class possessing 

the power to direct the activities of the entity, they are also defined as VIE. A VIE is a corporation, 

partnership, trust, or any other legal structure used for business purposes that either: (1) does not 

have equity investors with voting rights, or (2) has equity investors that do not provide sufficient 

financial resources for the entity to support its activities. A VIE often holds financial assets, 

including loans or receivables, real estate or other property. The investments or other interests that 

will absorb portions of a VIE’s expected losses or receive portions of its expected residual returns 

are called variable interests. 

2.3 Accounting treatment of securitizations: SFAS 166/167 

 Regulations surrounding the accounting treatment of securitization transactions are 

governed by the FASB. On June 12, 2009, the FASB issued two new accounting standards: SFAS 

No. 166, “Accounting for Transfers of Financial Assets,” and SFAS No. 167, “Amendments to 

FASB Interpretation No. 46(R).” These statements came into effect on January 1, 2010.  

The Board’s primary objective in issuing SFAS 166/167 was to improve the relevance, 

representational faithfulness, and comparability of the information that a securitizer provides in its 

financial statements about a transfer of financial assets; the effects of a transfer on its financial 

position, financial performance and cash flows; a securitizer’s continuing involvement, if any, in 

transferred financial assets; and, a securitizer’s involvement with VIEs (FAS 166, FAS 167). More 

specifically, these standards build the baseline to answer the two primary concerns regarding 

securitizations: (1) consolidation of securitization SPEs, and (2) sale of transferred financial assets. 

These two standards must be considered together because the guidelines in SFAS 166 

determine whether the transfer of financial assets should be treated as a sale, and the guidelines in 
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SFAS 167 establish whether the consolidation of a securitization SPE (e.g., VIE) is required by 

the securitizer.  

Specifically, SFAS 166 eliminates the concept of qualifying SPEs. Qualifying SPEs, a 

special class of SPEs, were exempt from consolidation, and the elimination of this concept requires 

all securitization SPEs to be evaluated for consolidation under SFAS 167. SFAS 166 also 

eliminates exceptions that allowed sale accounting for some mortgage securitizations when the 

securitizer had not surrendered control over transferred assets. It also clarifies guidance on 

previous standards regarding how to determine whether a transfer of assets is a sale. 

SFAS 167 clarifies the definition of the primary beneficiary of a VIE, which was initially 

introduced in the previous standards. The primary beneficiary is the entity that has power to direct 

most significant activities of a VIE and has the obligation to absorb potentially significant losses 

or has the right to receive potentially significant benefits from the VIE. SFAS 167 introduced the 

broader term “potentially” in defining the primary beneficiary. In addition, SFAS 167 requires 

ongoing assessment of the primary beneficiary, but previously a re-assessment of the primary 

beneficiary was required only after triggering events (e.g., a change in a VIE’s governing 

documents or contractual arrangements, issuance of new interests by a VIE). The change in 

terminology and ongoing assessment of the primary beneficiary leads to more consolidation.  

Finally, SFAS 166/167 require more disclosure about significant assumptions in the 

determination of consolidation, restrictions on assets and liabilities in securitization entities, the 

nature of and changes in risks associated with securitization entities, and how involvement with 

those risks affects the securitizers’ financial condition. Taken together, SFAS 166/167 make it 

more difficult to obtain sale treatment of a securitization transaction and to recognize gain on sale. 



10 / 43 

These standards cause securitizers to recognize more securitization entities on-balance sheet and 

disclose more information about securitization transactions.  

3. Development of hypotheses 

3.1 Literature review  

 After the issuance of SFAS 166/167 by FASB in 2010, researchers started to examine the 

effects of these two new standards on banks. Forgione and Zhao (2016) examine changes around 

the effective date of SFAS 166/167 in the sensitivity of banks’ on-balance sheet loan growth to 

liquidity. Dou (2018) examines SFAS 166/167’s effect on banks’ small business lending and find 

that banks that consolidate securitization entities under SFAS 166/167 reduce small business 

lending relative to other banks that lend in the same county. Tian and Zhang (2017) investigate 

SFAS 166/167’s effects on banks’ credit card receivables. They report that SFAS 166/167 reduces 

banks’ ability to engage in regulatory capital arbitrage by securitizing credit card receivables. 

Lastly, Dou, Ryan and Xie (2018) find that assets held by banks’ consolidated VIEs under SFAS 

166/167 are significantly negatively associated with their mortgage approval rates and positively 

associated with their mortgage sale rates.  

My study is different than the studies mentioned above and is primarily interested in the 

information effect of these standards. Most of the research done on SFAS 166/167 focuses on 

banks’ mortgage approval and sale decisions in the post-SFAS 166/167 period. My study is the 

first and only study to examine the change in total information available to investors in the post- 

relative to the pre-SFAS 166/167 era.  

3.2 Information asymmetry and total asset-backed securities 

Theoretical work suggests that securitization changes the risk profile of the asset side of 

the bank’s balance sheet. Also, with taxes and bankruptcy costs, the bank will also change its 
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optimal on-balance sheet capital structure, which will in turn affect its insolvency risk and on-

balance sheet leverage ratio. Jiangli, Pritsker, and Raupach (2007) show a theoretical model where 

optimally chosen securitization can sometimes reduce or increase a bank’s risk of insolvency. They 

show that whether risk increases or decreases depends on the types of securitization opportunities 

available to the bank, as well as other factors. On the other hand, empirical studies suggest a 

positive association between securitization and bank credit risk. For instance, Barth, Ormazabal, 

and Taylor (2012) find that credit rating is positively related to the securitizing firm’s retained 

interest in the securitized assets and is unrelated to the portion of the securitized assets not retained 

by the firm.  

A positive association between securitization transactions and bank risk would not 

necessarily lead to information problems regarding securitizations. Such problems will exist if 

publicly available securitization-related disclosure is not adequate, or if market participants are not 

able to use their private sources of information to clearly assess the extent of risk transfer. Cheng, 

Dhaliwal, and Neamtiu (2011) show that measures of difficulty in assessing the extent of recourse 

are positively associated with securitizing banks’ bid-ask spread and forecast dispersion. Their 

results show the existence of information problems regarding securitizations, and in turn imply a 

lack of high-quality securitization-related disclosure.  

  SFAS 166/167 address the quantitative and qualitative disclosures of securitization 

transactions and aim to improve disclosure practices to best portray the economic leverage and 

risk borne by ABS. Theoretical models (e.g. Diamond and Verrecchia, 1991) predict that higher-

quality disclosures reduce information asymmetry between market participants – informed and 

non-informed (liquidity) traders. Welker (1995) is the first empirical study to demonstrate an 

inverse association between disclosure quality and bid-ask spreads.  
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If SFAS 166/167 increase the quality and quantity of securitization-related disclosures, 

then pre-existing information problems of securitizations should weaken. Accordingly, I state my 

first hypothesis: 

Hypothesis 1: The positive association between information asymmetry and total asset-backed 

securities decreases from the pre- to the post-SFAS 166/167 periods. 

SFAS 166/167 affect the information disclosed on 10-K/Qs. Prior to the new standards, 

even if 10-K/Qs were not reporting detailed securitization information, somewhat detailed 

securitization information was already available in various bank regulatory reports (e.g., FR Y-

9C).  

While market participants could easily access Y-9C reports, there are at least two reasons 

why they did not rely on Y-9C reports and need the newly disclosed securitization information on 

the 10-K/Qs. First, Y-9C releases occur outside of Securities and Exchange Commission (SEC) 

channels. The reports do not appear on the SEC’s EDGAR platform, which is used to distribute 

financial reports such as earnings announcements and 10-Ks, and banks rarely file SEC form 8-Ks 

to announce report releases. Given that time and attention are limited, it may be costlier for market 

participants to keep track of bank regulatory databases. 

Second, Y-9Cs are released late in the reporting season. Y-9Cs must be submitted to the 

Federal Reserve Board within 40 days after interim quarter-ends. Given the importance of timely 

information, market participants will rarely wait 40 days to acquire information. Accordingly, 

Badertscher, Burks and Easton (2018) report no statistically significant price or volume reaction 

to releases of Y-9C reports because their information content is preempted by earlier filings. 

Even though securitization information was somewhat available to market participants on 

the Y-9C reports, for the reasons mentioned above, market participants did not infer the risks in 
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securitization transactions from these reports. SFAS 166/167 mandate 10-K/Qs to report 

securitization information in more detail and in a more structured manner, which would create the 

opportunity for market participants to have more information about securitization transactions.  

3.3 Bank visibility 

I investigate whether banks with greater visibility in the market are affected differently by 

SFAS 166/167. I define visibility as the extent to which investors follow and institutions hold a 

firm’s stock. 

Prior research supports that greater firm visibility is associated with lower investor 

uncertainty. Baker, Powell and Weaver (1999) suggest a positive association between firm 

visibility and flow and accessibility of information about that firm. Greater information flow can 

draw the investment community’s attention to the company, and in return visibility can reduce 

uncertainty about the firm’s prospects. Further, Baker, Powell, and Weaver suggest that visibility 

could enhance the efficiency of the trading market in the stock by reducing information 

asymmetries. Mehran and Peristiani (2010) illustrate that firms with low visibility cannot attract 

the attention of financial analysts, and eventually exit the stock market despite being solid 

performers. Their results suggest that low firm visibility effectively lowers the product value and 

ultimately the franchise value of the firm.  

In light of these findings, I argue that securitizing banks with greater visibility should be 

affected differently by SFAS 166/167 for three reasons. First, visible firms (e.g., large firms) tend 

to be risk-averse (Hitt, Hoskisson, and Harrison, 1991), and they are more likely to be under 

regulatory and public scrutiny. As a result, the market participants know more about their actions. 

Second, if banks have greater visibility, more analysts and investors will follow them. This will 

lead to more private and public information about these banks in the market. Regardless of new 
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disclosure practices, there already should be more information about the securitization transactions 

of these banks. Third, some highly visible banks could be disclosing more and better information 

about securitizations (e.g., conference calls, press releases), regardless of the new standards. If 

they do not disclose this information, there will be information problems surrounding 

securitization transactions, which could lead some investors and analysts to drop them; and, as a 

result, these banks can lose visibility, which will have adverse market consequences.  

Therefore, I predict that highly visible securitizing banks are less affected by SFAS 

166/167, because they were already disclosing more and better information about securitizations. 

My second hypothesis: 

Hypothesis 2: Securitizing banks with greater visibility are less sensitive to SFAS 166/167. 

4. Research design 

4.1 Data sources 

 To study the effect of SFAS 166/167 on information asymmetry of securitizing banks, I use 

U.S. BHC data fromY-9C forms. These are filed on a quarterly basis by all BHCs and have been 

compiled in a data set by the Federal Reserve Bank of Chicago since 1986. I use data for BHCs 

rather than for commercial banks because securitization may involve several subsidiaries of a BHC 

and affect the information asymmetry of the whole group.  

 The Y-9C reports provide data on the financial condition of the firm, based on U.S. GAAP 

consolidation rules, as well as the capital position of the consolidated entity.1 The balance sheet 

and income data include items similar to those contained in SEC filings; however, the Y-9C reports 

 
1 Effective with the March 2006 report date, there was an increase in the asset-size threshold for filing the FR Y-9C 
from $150 million to $500 million. Later, there was another change from $500 million to $1 billion, and from $1 
billion to $3 billion effective March 2015 and September 2018, respectively (Federal Reserve, 2019).  The size cut-
off for filing these reports is not important for my study. BHCs that do not file these reports because they are below 
the threshold tend to be relatively small banks, and these small banks invariably do not conduct securitizations. 
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also contain a rich set of additional information which includes data on regulatory capital and risk-

weighted assets, off-balance sheet exposures, securitization activities, and delinquency statistics 

on different types of loan.  

 I collect securitized loans from Schedule HC-S, Servicing, Securitization and Asset Sale 

Activities of Y-9C reports. Schedule HC-S was first provided in Y-9C reports in the second quarter 

of 2001 and provides information for seven types of securitized loan: (1) 1-4 family residential 

mortgages, (2) credit card receivables, (3) home equity lines of credit, (4) automobile loans, (5) 

other consumer loans, (6) commercial and industrial loans, and (7) all other loans and leases. 

Compared to financial report data, Schedule HC-S data are far more standardized and detailed with 

respect to securitization characteristics. The securitization transactions reported on Schedule HC-

S are accounted for as sales.  

 I collect daily returns from the Center for Research in Security Prices (CRSP); quarterly 

earnings per share from Bank Compustat; analyst information from I/B/E/S; and the Chicago 

Board Options Exchange (CBOE) (VIX) from Federal Reserve Bank of St. Louis.  

4.2. Sample selection  

 Schedule HC-S was first provided in the second quarter of 2001, so I begin with the overall 

universe of BHCs that have filed Y9-C reports since the second quarter of 2001 until the last 

quarter of 2018. I remove bank-quarter observations that are missing information regarding total 

assets or total shareholders’ equity. I also remove banks that are missing PERMNO identifiers or 

IBES tickers. Last, I require each bank to have valid financial statements and price data.  

 I identify a bank as a securitizing bank if they report a positive ABS at a given quarter 

(quarterly selection). Bank-quarter observations from the quarterly selection of securitizing banks 

create the Changing Securitizing Sample. The Changing Securitizing Sample has 164 unique 
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securitizing banks and 2,569 bank-quarter observations. In the Internet Appendix, I discuss 

alternate definitions for a securitizing bank, and re-test the main findings of this study using 

alternative securitizing bank samples. 

4.3 Variables  

4.3.1. Information asymmetry  

 I use bid-ask spread to measure information asymmetry. Bid-ask spread is commonly used 

in the literature as a proxy for firm information asymmetry (e.g., Flannery, Kwan, and 

Nimalendran, 2004). When information asymmetry among market participants is high, informed 

traders can exploit their informational advantage at the expense of uninformed traders. The market 

participants recognize the adverse-selection problem.  Trading costs increase with the degree of 

information asymmetry between the uninformed and informed investors. This will result in a wider 

bid-ask spread (Kyle, 1985). 

 Specifically, I identify two different measures of bid-ask spread: bid-ask spread (SPREAD), 

and effective bid-ask spread (EFFSPREAD). First, I calculate the daily values of each measure in 

the following manner:  

𝑆𝑃𝑅𝐸𝐴𝐷𝑖,𝑡 =
𝐴𝑠𝑘𝑖,𝑡−𝐵𝑖𝑑𝑖,𝑡

𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡
 × 100     Equation (1a) 

𝐸𝐹𝐹𝑆𝑃𝑅𝐸𝐴𝐷𝑖,𝑡 = 2 × 𝑂𝑟𝑑𝑒𝑟_𝑆𝑖𝑔𝑛𝑖,𝑡  ×  
𝑃𝑟𝑖𝑐𝑒𝑖,𝑡−𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡

𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡
 × 100   Equation (1b) 

where 𝐵𝑖𝑑𝑖,𝑡 is the bid price of bank (i) on day (t), 𝐴𝑠𝑘𝑖,𝑡 is the ask price of bank (i) on day (t), and 

𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡 is the midpoint of the bid and ask prices of bank (i) on day (t). The factor 

𝑂𝑟𝑑𝑒𝑟_𝑆𝑖𝑔𝑛𝑖,𝑡 equals 1 for buy orders, and -1 for sell orders. An order is identified as a buy order 

if 𝑃𝑟𝑖𝑐𝑒𝑖,𝑡  >  𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡, and as a sell order otherwise. Once I have the daily values, I calculate 

the rolling average of each spread measure over 90 days.  
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4.3.2 Primary interest variables 

 I calculate the total ABS of bank (i) in quarter (q) as the sum of seven securitized loan types 

as following: 

𝐴𝐵𝑆𝑖,𝑞  =

[

(1 − 4 𝑓𝑎𝑚𝑖𝑙𝑦 𝑟𝑒𝑠𝑖𝑑𝑒𝑛𝑡𝑖𝑎𝑙 𝑚𝑜𝑟𝑡𝑔𝑎𝑔𝑒𝑠) + (𝑐𝑟𝑒𝑑𝑖𝑡 𝑐𝑎𝑟𝑑 𝑟𝑒𝑐𝑒𝑖𝑣𝑎𝑏𝑙𝑒𝑠)

+(ℎ𝑜𝑚𝑒 𝑒𝑞𝑢𝑖𝑡𝑦 𝑙𝑖𝑛𝑒𝑠 𝑜𝑓 𝑐𝑟𝑒𝑑𝑖𝑡) + (𝑎𝑢𝑡𝑜 𝑙𝑜𝑎𝑛𝑠) + (𝑜𝑡ℎ𝑒𝑟 𝑐𝑜𝑛𝑠𝑢𝑚𝑒𝑟 𝑙𝑜𝑎𝑛𝑠)

+(𝑐𝑜𝑚𝑚𝑒𝑟𝑐𝑖𝑎𝑙 𝑙𝑜𝑎𝑛𝑠) + (𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑖𝑎𝑙 𝑙𝑜𝑎𝑛𝑠) + (𝑎𝑙𝑙 𝑜𝑡ℎ𝑒𝑟)
]  

𝑇𝑜𝑡𝑎𝑙 𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑞

⁄
 

            Equation (2) 

 I use a time dummy variable to indicate the post-SFAS 166/167 period. POST equals 1 for 

observations that run between the first quarter of 2010 and the last quarter of 2018 inclusively, and 

equals 0 otherwise. SECBANK equals 1 if a bank reports a positive ABS at a given quarter 

(quarterly selection), and equals 0 otherwise.  

 I use three variables to proxy bank visibility. First, I use bank size (SIZE), computed as the 

natural logarithm of a bank’s total assets. Second, I use analyst coverage (COVERAGE), measured 

as the number of analysts following the bank in the latest earnings per share forecast. Third, I use 

a top bank dummy variable (TOP25). TOP25 equals 1 if a securitizing bank is in the top 25 based 

on its market value in a given quarter.  

4.3.3 Control variables 

 My empirical models include several control variables. Prior literature suggests that 

measures of spreads are negatively related to trading volume and common shares outstanding and 

positively related to return volatility and the adverse-selection problems (e.g., Welker, 1995). I 

include return volatility, trading volume, and the number of common shares outstanding as control 

variables. I measure return volatility (STDRET) as the rolling standard deviation of the daily equity 

return over 90 days. I include the natural logarithm of the trading volume (VOL) and the logarithm 
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of the number of common shares outstanding (TSO), which also control for the liquidity of each 

stock. To control for overall market volatility and investor sentiment, I include the VIX. A larger 

number of VIX indicates an overall “uneasiness” and investor fear in the market.  

 Barth, Ormazabal, and Taylor (2012) suggest that securitizing banks have higher credit 

riskiness, so to control for credit riskiness, I include leverage (LEVERAGE), calculated as total 

liabilities divided by total assets. I expect firms with more leverage to have higher information 

asymmetry. Casu, Clare, Sarkisyan, and Thomas (2013) find that securitizing banks tend to differ 

in their operating performance metrics. Securitizing banks are more profitable in terms of return 

on assets, as they have a higher share of non-interest income in their net operating revenue and the 

net interest margin is lower for these banks. This suggests that the higher profitability of 

securitizing banks derives from non-interest income. Thus, to capture differences how securitizing 

banks generate most of their revenue and how this might affect their information asymmetry, I 

include the ROA, rolling standard deviation of total interest income (STDINTINC), and rolling 

standard deviation of total non-interest income (STDNONINTINC) over eight quarters. 

 Prior research finds that the most significant difference between securitizing and non-

securitizing banks is the bank size (e.g., Chen, Liu, and Ryan, 2008). Total assets for securitizing 

banks can be 40 times larger than those for non-securitizing banks (Casu, Clare, Sarkisyan, and 

Thomas, 2013). To account for bank size in my analyses, I include firm size (SIZE), calculated as 

the natural logarithm of total assets. Prior research finds that securitizing banks have significantly 

less regulatory capital than non-securitizing banks on a risk-adjusted basis (e.g., Minton, Stulz, 

and Williamson, 2009). Accordingly, I include the tier 1 capital ratio (TIER1) to control for the 

regulatory capital.  
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 Securitizing and non-securitizing banks have different choices of funding. Securitizing 

banks are larger and have a preference for accessing wholesale funds, while non-securitizing banks 

rely on retail deposits. Casu, Clare, Sarkisyan, and Thomas (2013) present supporting evidence 

that both the loan ratio and the loan to deposit ratio are higher for securitizing banks versus non-

securitizing ones. Thus, to account for the impact of banks’ choice of funding on their information 

asymmetry, I include on-balance sheet loans (LOANS), calculated as the book value of on-balance 

sheet loans divided by total assets.  

 While larger banks tend to pursue higher risk activities, a greater amount of loans, which 

leads to higher on-balance-sheet credit risk exposure, makes banks more risk-averse (e.g., Demsetz 

and Strahan, 1997). Charge-offs, which reflect the performance of on-balance sheet loans, are 

negatively associated with risk-taking (Casu, Clare, Sarkisyan, and Thomas, 2013). To account for 

the possible impact of the present performance of a bank on its incentive to take on new risks and 

to control for the loan portfolio quality, I use net charge-offs on-balance sheet loans scaled by total 

assets (CHGOFF). 

 Securitizations are more likely to occur as these transactions become more profitable (Barth, 

Ormazabal, and Taylor, 2012), I include securitization income and servicing fees scaled by total 

assets (SECINC) as a control for cross-sectional differences in the rate of return on securitized 

assets, and dependence on securitization income.  

 Chen, Liu, and Ryan (2008) find that on-balance sheet contractual retained interests are 

positively associated with the risk levels of a bank, so to capture differences in banks’ use of risk 

management products, I also include total retained interests. I calculate total retained interests as 

the sum of retained credit enhancing interest-only strips from mortgages, consumer loans, and 

commercial securitizations, scaled by total assets (RETINT). 
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 I control for the variation in banks’ off-balance sheet activities and include off-balance sheet 

assets (OFFBS), calculated as the sum of commercial and similar letters of credit, unused 

commitments, commitments to fund loans not secured by real estate, and unused consumer credit 

lines, scaled by total assets. Lastly, I control for the changing quality of securitization activities by 

including total net charge-offs on assets sold and securitized with recourse, scaled by total assets 

(SEC_CHGOFF).  

 To mitigate the effect of outliers, I winsorize observations in the outside 1% of each tail of 

each continuous variable used in my study, except the lower tail of the variables that are bound 

below by zero and have some zero observations. 2  

5. Empirical tests and results 

5.1 Univariate results 

 Table 1 summarizes the sample descriptive statistics of the main and control variables for 

securitizing banks used in the Changing Securitizing Sample.  

[Table 1] 

 For the Changing Securitizing Sample, the mean values of SPREAD, and EFFSPREAD for 

the full sample period are 0.005 and 0.004, respectively. The t-test analysis in Panel B of Table 1 

reveals that these values statistically differ from the pre- to the post-SFAS 166/167 periods. The 

univariate results indicate that all securitized loans experience a significant decrease from the pre- 

to the post-SFAS 166/167 periods. The average ABS is 12% and the difference between the pre- 

and post-SFAS 166/167 periods is statistically significant. 

 
2 My results are substantially unaffected if I do not winsorize outliers, if I delete rather than winsorize outliers, and 
if I make the winsorization/deletion rule more or less stringent within commonly applied levels, as long as extreme 
outliers are pulled in or deleted (e.g., using 2.5% and 5% winsorization rules yields similar results). 
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Table A.1 reports mean statistics after I split the Changing Securitizing Sample based on 

bank size. I report that the largest size group reports the highest mean for ABS, while the smallest 

size group reports the highest mean for information asymmetry measures. These results reveal that 

large securitizing banks have lower information asymmetry levels, and in some incidents even 

lower ABS. Table A.1 presents preliminary evidence for H2, suggesting that more visible banks 

(e.g. large banks) are likely to be less affected by SFAS 166/167. 

Table A.2 report Pearson’s and Spearman’s correlation matrix with pairwise correlations 

between my variables, used in the Changing Securitizing Sample. There are no problems with 

strong collinearity among my explanatory variables. The variance inflation factors (VIF) in my 

subsequent econometric models range from 1.07 to 3.72 per variable; with an average VIF per 

model between 1.97 and 2.88, these are well within acceptable ranges (under 10), eliminating 

concerns over multicollinearity. 

5.2 Empirical models and multivariate results 

5.2.1 [H1] Hypothesis 1: Information asymmetry and total ABS in the post-SFAS 166/167 period 

 In my first hypothesis, I predict that information asymmetry will decrease from the pre- to 

the post-SFAS 166/167 periods. To examine H1, I model the information asymmetry as a function 

of ABS, POST and control variables. Specifically, I test H1 by estimating the following OLS 

regression model:  

𝐴𝑆𝑌𝑀𝑀𝐸𝑇𝑅𝑌𝑖,𝑡  = ∝  + 𝛽1𝐴𝐵𝑆𝑖,𝑡 + 𝛽2𝑃𝑂𝑆𝑇𝑡 +  𝛽3𝐴𝐵𝑆𝑖,𝑡  × 𝑃𝑂𝑆𝑇𝑡 +  𝛾′𝑋𝑖,𝑡 +  𝜇  

            Equation (4) 

 ASYMMETRY of bank i at quarter-year t is defined either SPREAD or EFFSPREAD. (𝑋) 

is a set of explanatory variables other than the primary interest variables, which includes STDRET, 

TSO, VOL, VIX, LEVERAGE, ROA, SIZE, TIER1, LOANS, CHGOFF, OFFBS, SECINC, 
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RETINT, STDINTINC, STDNONINTINC and SEC_CHGOFF as bank-specific control variables 

for year-quarter t.  

 The information asymmetry of securitizing banks may be affected by unobservable 

variables that systematically vary across banks and time in my panel. I include an extensive list of 

control variables to control for such variation. Further, in each OLS regression, I include a bank 

fixed effect to remove any time-invariant heterogeneity between banks, and a time fixed effect 

(i.e., year and quarter dummies) to remove unobserved heterogeneity across time. I account for 

bank and time fixed effects by including bank-specific dummies, year dummies (e.g. year_2001, 

year_2002, …, year_2017) and quarter dummies (i.e. Quarter_1, Quarter_2, Quarter_3). To 

account for situations where observations within each bank are not independently and identically 

distributed, I cluster standard errors by bank.  

 I expect the coefficient on ABS (𝛽1) to be positive. The coefficient on POST (𝛽2) reflects 

the change in banks’ information asymmetry in the time period following 2010. The impact of 

other regulatory changes, the financial crisis of 2007–2009 and other time variant factors should 

be captured by this variable. To capture the specific impact of SFAS 166/167 on securitizing 

banks’ information asymmetry, I use an interaction variable (𝐴𝐵𝑆 × 𝑃𝑂𝑆𝑇). As discussed in 

Section 2, SFAS 166/167 affect the accounting treatment of total securitized assets. Thus, if these 

two standards lower the information asymmetry of securitizing banks, the results should exhibit a 

decrease in the association between information asymmetry and ABS from the pre- to post-SFAS 

166/167 periods. Specifically, I predict a negative coefficient on the interaction term 

𝐴𝐵𝑆 × 𝑃𝑂𝑆𝑇 (𝛽3).  

 Table 2 presents multivariate evidence regarding H1. The models presented in Table 2 use 

SPREAD, and EFFSPREAD as the dependent variable. To ease the interpretation of the 
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coefficients, the first column of each model presents standardized estimates. Therefore, each 

coefficient in the table describes the impact of a one standard deviation increase in the independent 

variable on the information asymmetry. The second column of each model reports the t-statistics.  

[Table 2] 

Both models indicate significantly positive coefficients on ABS and POST. This suggests 

that total securitized loans are positively associated with information asymmetry in the pre-SFAS 

166/167 period. In the post-SFAS 166/167 period, all else being equal, the information asymmetry 

of securitizing banks increases. I do not place a great deal of emphasis on this result because POST 

cumulates the impact of all years after 2010; therefore, a change in one year can be offset by a 

change in another year. 

As predicted, I find a significantly negative coefficient on ABS × POST in all models. The 

result indicates that the positive association between information asymmetry and total securitized 

loans becomes negative in the post-SFAS 166/167 period, suggesting an overall improvement in 

the information environment of securitizing banks.  

As for control variables, I report that information asymmetry is higher for securitizing banks 

with a greater return volatility,. On the other hand, a greater presence in the stock market, 

demonstrated by trading volume (VOL), is associated with lower information asymmetry.  

Further, leverage, on-balance sheet loans, and total retained interests increase the 

information asymmetry of securitizing banks, while ROA and bank size decrease the information 

asymmetry of securitizing banks. All other control variables are insignificant in the reported 

models. Excluding the insignificant variables from my models does not change either the 

significance or the interpretation of the results.  
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Overall, the results exhibit a decrease in the information asymmetry of securitizing banks 

in the post-SFAS 166/167 period, even after controlling for stock market effects, differences 

among securitizing banks, and market sentiment. They support H1 that SFAS 166/167 lower the 

information asymmetry of securitizing banks.  

5.2.2 [H2] Hypothesis 2: Information asymmetry and bank visibility in the post-SFAS 166/167 

period 

 In my second hypothesis, I predict that securitizing banks with greater visibility are less 

sensitive to SFAS 166/167. To examine H2, I model SPREAD as a function of bank visibility, 

(measured as SIZE, COVERAGE and TOP25), POST and control variables, as discussed in 

section 4.3.3. Specifically, I test H2 by estimating the following OLS regression model:  

𝑆𝑃𝑅𝐸𝐴𝐷𝑖,𝑡  = ∝  + 𝛽1𝐴𝐵𝑆𝑖,𝑡 +  𝛽2𝑃𝑂𝑆𝑇𝑡 +  𝛽3𝐴𝐵𝑆𝑖,𝑡 × 𝑃𝑂𝑆𝑇𝑡 +  𝛽4𝑉𝐼𝑆𝐼𝐵𝐼𝐿𝐼𝑇𝑌𝑖,𝑡  

  + 𝛽5𝑉𝐼𝑆𝐼𝐵𝐼𝐿𝐼𝑇𝑌𝑖,𝑡  × 𝑃𝑂𝑆𝑇𝑡+ 𝛽6𝑉𝐼𝑆𝐼𝐵𝐼𝐿𝐼𝑇𝑌𝑖,𝑡  × 𝐴𝐵𝑆 𝑖,𝑡 × 𝑃𝑂𝑆𝑇𝑡 +  𝛾′𝑋𝑖,𝑡 +  𝜇  

            Equation (5) 

 VISIBILITY is measured as SIZE, COVERAGE and TOP25. (𝑋) is a set of explanatory 

variables other than the primary interest variables, which includes STDRET, TSO, VOL, VIX, 

LEVERAGE, ROA, SIZE, TIER1, LOANS, CHGOFF, OFFBS, SECINC, RETINT, 

STDINTINC, STDNONINTINC, and SEC_CHGOFF as bank-specific control variables for year-

quarter t. For brevity, I only use SPREAD as the dependent variable. 3 Similar to Equation (4), I 

account for bank and time fixed effects and cluster standard errors by bank.  

 I expect the coefficient on 𝑉𝐼𝑆𝐼𝐵𝐼𝐿𝐼𝑇𝑌 × 𝐴𝐵𝑆 × 𝑃𝑂𝑆𝑇 (𝛽6) to be positive, while I expect 

the coefficient on 𝐴𝐵𝑆 × 𝑃𝑂𝑆𝑇 (𝛽3) to be negative. Table 3 presents the multivariate evidence 

regarding H2. The first, second and third models of Table 3 show the results when SIZE, TOP25 

 
3 The untabulated results yield similar results when I use EFFSPREAD instead. 
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and COVERAGE are proxies for bank visibility, respectively. Similar to Table 2, the first column 

of each model in Table 3 presents standardized estimates, while the second column of each model 

reports the t-statistics.  

[Table 3] 

 In each model, I find that the coefficient on 𝐴𝐵𝑆 × 𝑃𝑂𝑆𝑇 is significantly negative. More 

importantly for H2, I focus on the interaction among ABS, POST, and three measures of bank 

visibility (𝛽6). For instance, the first model of Table 3 shows that the standardized estimate on 

𝑆𝐼𝑍𝐸 × 𝐴𝐵𝑆 × 𝑃𝑂𝑆𝑇 (𝛽6) is 0.7003, significant at the 1% level. When I use TOP25 or 

COVERAGE as a proxy for bank visibility, the results remain unchanged. The control variables, 

when significant, are consistent with the rest of the study.  

 The results in Table 3 show that for each measure of VISIBILITY, I find support for H2. 

This suggests that while the information asymmetry of securitizing banks decreases in the post-

SFAS 166/167 period, this decrease is weaker for banks with greater visibility. 

6. Matched sample 

 To examine the impact of SFAS 166/167 on U.S. securitizing banks, ideally I would need 

to control all the exogenous and endogenous factors, including any confounding events, and single 

out the impact of SFAS 166/167 on these banks. The way to do such an analysis would be to 

observe the information asymmetry of securitizing banks had they not been subject to these 

standards. As it is impossible to observe the same bank in both states, I use non-securitizing banks 

as proxies. By matching a securitizing bank with a non-securitizing bank, I build a matched sample.  

 However, this approach would still entail selection problems (Heckman and Smith, 1995), 

because securitizing and non-securitizing banks are ex ante different. Such differences could arise 

because securitizing banks have a different balance sheet structure prior to securitizations or 
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different consequences of securitizations. To address this issue, I use propensity score matching to 

build two control samples that are as similar as possible to securitizing banks (Casu, Clare, 

Sarkisyan, and Thomas, 2013).  

6.1 Propensity score matching 

 The propensity score approach predicts the likelihood of securitization, while balancing the 

covariates between securitizing and non-securitizing banks. I include eleven variables that proxy 

for most of the commonly cited motives for securitization: funding cost reduction; credit risk 

management; profitability improvement; and liquidity needs (Casu, Clare, Sarkisyan, and Thomas, 

2013).  

The funding cost reduction hypothesis is captured by the cost of total liabilities. Thus, from 

the liability side, I include LEVERAGE and LOANS, defined previously. To reflect the credit risk 

management hypothesis (e.g. Jiangli and Pritsker 2008), I use the loan loss provision, scaled by 

total assets (LLP), and include CHGOFFS, defined previously. To address profitability 

improvement as securitization motive (e.g. Bannier and Hänsel 2008), I include the book-to-

market ratio (BTM). With respect to liquidity needs, I calculate LIQUIDITY as the sum of cash, 

available-for-sale securities, trading assets, federal funds sold, and securities purchased with intent 

to resell, scaled by total assets. using the loan growth.  

I also include STDINTINC and STDNONINTINC to capture the volatility in the revenue 

generated, which might affect firms’ motive to diversify their revenue generations (e.g. Affinito 

and Tagliaferri, 2010); SIZE to capture the possible influence of economies of scale (e.g. Jiangli 

and Pritsker 2008), and OFFBS to capture securitizing banks’ reliance on off-balance sheet 

activities (e.g., Chen, Liu, and Ryan, 2008). Lastly, I include STDRET to control for variation in 
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firms’ total equity risk between securitizing and non-securitizing banks. All these variables are as 

defined previously. 

 For each quarter, I estimate the following ordered logistic model, for an initial sample of 

securitizing and non-securitizing banks: 4 

𝑃(𝑆𝐸𝐶𝐵𝐴𝑁𝐾𝑖,𝑡  = 1 | 𝑋𝑖,𝑡−1)        Equation (6) 

where SECBANK equals 1 if a bank is a securitizing bank (i.e. positive ABS at a given quarter), 

and 0, otherwise. Xi,t−1 is a vector of the 11 control variables, lagged one quarter.  

 Table 4 reports the results of the ordered logistic propensity score regression of the 

likelihood of securitization. The first column presents the average of the coefficient estimates, and 

the second reports an aggregated t-statistic for the logistic model.  

[Table 4] 

 The propensity score for each observation is the predicted probability from this logistic 

regression. I match securitizing banks with non-securitizing banks, employing nearest-neighbor 

matching, i.e., choosing the non-securitizing bank that has the closest propensity score to each 

securitizing bank. I impose a 2% tolerance level on the maximum propensity score distance 

allowed. I perform a 1:1 treatment-control match on the overall bank data and match each 

observation from the treatment sample to an observation from the control sample quarter by 

quarter. Once a match is made, I assume that match is the best match. Previous matches are never 

reconsidered.5 The matched sample has 2,780 bank-quarter observations. 

 
4 I build an initial sample using the entire set of securitizing banks and non-securitizing banks with available data 
that are in close proximity to each other in terms of size.  
5 Using a control bank more than once as a match may increase the average quality of matching, therefore the bias 
will decrease. However, allowing a control bank to be used more than once will reduce the number of distinct control 
banks used to construct the matched sample so the sampling variability will decrease and the variance of the 
estimator will increase, resulting from using fewer distinct control banks to construct the counterfactual mean (e.g. 
Smith and Todd, 2005; Austin, 2010). Even when I allow replacements (n:1 matching) and enforce 1% tolerance level, 
my results remain unchanged.  
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 Table 5 presents descriptive statistics of the banks used in the matched sample and 

demonstrates the t-tests between the securitizing and non-securitizing banks. The descriptive 

statistics I report are similar to Table 1. However, the t-tests reveal that the matches are still not 

perfect. Despite imperfect matching, I still continue my analysis with the Matched Sample for the 

reason that the matches are pretty similar in terms of information asymmetry levels.  

[Table 5] 

6.2. Empirical results with the matched sample 

 To provide further assurance that the observed decrease in the information asymmetry of 

securitizing banks is due to SFAS 166/167, I test H1 focusing on the matched sample. Matching 

allows me to investigate whether, holding constant important bank and market characteristics, the 

propensity to be subject to SFAS 166/167 affects bank information asymmetry.  

  I model information asymmetry as a function of ABS, POST and control variables. 

Specifically, I estimate the following ordinary least squares (OLS) regression model: 

𝐴𝑆𝑌𝑀𝑀𝐸𝑇𝑅𝑌𝑖,𝑡  = ∝  + 𝛽1𝐴𝐵𝑆𝑖,𝑡 +  𝛽2𝑃𝑂𝑆𝑇𝑡 + 𝛽3𝐴𝐵𝑆𝑖,𝑡  × 𝑃𝑂𝑆𝑇𝑡 +  𝛾′𝑋𝑖,𝑡 +  𝜇   

           Equation (7) 

 ASYMMETRY of bank i at quarter-year t is defined as either SPREAD or EFFSPREAD. 

(𝑋) is a set of explanatory variables other than the primary interest variables, which includes 

STDRET, TSO, VOL, VIX, LEVERAGE, ROA, SIZE, TIER1, LOANS, CHGOFF, OFFBS, 

SECINC, RETINT, STDINTINC, STDNONINTINC, and SEC_CHGOFF as bank-specific 

control variables for year-quarter t. I account for bank quarter-year fixed effects, and cluster 

standard errors by bank. 

 If my first hypothesis (H1) holds, I should find a negative 𝛽3. Table 6 presents the 

multivariate evidence. Each model specifies a different dependent variable. Similar to previously 
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reported models, the first column of each model presents standardized estimates, and the second 

column of each model reports the t-statistics. 

 As expected, I find a negative coefficient on 𝐴𝐵𝑆 × 𝑃𝑂𝑆𝑇 for both models. These results 

suggest that the information asymmetry of securitizing banks decreases from the pre- to the post-

SFAS 166/167 periods; and, that this decrease is also significantly different than the change in the 

information asymmetry of non-securitizing banks.  

[Table 6] 

7. Robustness analysis 

 In the Internet Appendix, I perform a variety of robustness checks. First, instead of using 

propensity score matching, I also match a securitizing bank with a non-securitizing bank by size 

and standard deviation of return. Later, I re-test my prediction using a two-stage regression model, 

where I treat the choice to securitize as an endogenous variable. Second, I remove data points that 

fall in the financial crisis of 2007–2009 and re-estimate the primary OLS model. Third, I examine 

whether a bank switching from being a non-securitizing bank to a securitizing bank affects my 

results. Fourth, I eliminate banks with extreme levels of information asymmetry from my analysis. 

Fifth, I control for market attention by using the number of articles published about a securitizing 

bank in the daily trade newspaper American Banker. Sixth, I examine the anticipation and 

implementation effects of SFAS 166/167 by analyzing the interaction of asset-backed securities 

with separate year dummy variables. Seventh, I re-test my main analysis and test whether SFAS 

166/167 also affects information uncertainty, proxied by analysts’ earnings forecast dispersion. 

Last, I build three other robustness samples by using different definitions for a securitizing bank, 

and re-test the primary findings. Even after these additional tests, my results remain unchanged, 
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and I still observe an improvement in the information environment of securitizing banks from the 

pre- to the post-SFAS 166/167 periods. 

8. Concluding remarks 

 This study demonstrates the disclosure and recognition effects of SFAS 166/167 on 

securitizing banks by examining the change in information asymmetry of securitizing banks from 

the pre- to the post-SFAS 166/167 periods. I predict and find that securitizing banks experience a 

decrease in information asymmetry from the pre- to the post-SFAS 166/167 periods. To provide 

further insights, I also examine how the sensitivity of securitizing banks to SFAS 166/167 changes 

conditional on the bank visibility. My results show that while the information asymmetry of 

securitizing banks decreases in the post-SFAS 166/167 period, this decrease is less evident for 

securitizing banks with greater visibility. Overall, this finding suggests that bank visibility in the 

financial market is associated with information asymmetry and it is also a factor in understanding 

the overall impact of regulations on securitizing banks. 

 To cross-validate my results, I use a set of non-securitizing banks as a control group and 

report that securitizing banks experience a larger decrease in information asymmetry than non-

securitizing banks from the pre- to the post-SFAS 166/167 periods. Overall, the findings of this 

study suggest that SFAS 166/167 decreases the information asymmetry of securitizing banks. The 

decrease in information asymmetry of securitizing banks is evident with or without different 

samples, and these results are also robust to different sensitivity analyses. While my results are 

subject to research design choices, they nevertheless offer compelling evidence that SFAS 166/167 

play a crucial role in the decreasing information asymmetry of securitizing banks. 

 My study has direct implications for equity market participants. The results highlight the 

benefits of SFAS 166 and SFAS 167 for market participants by providing evidence that these 
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standards bring more transparent information about securitization transactions. Moreover, this 

study has direct implications for accounting regulators. These results indicate that reporting 

standards play a role in the decreasing information asymmetry of securitizing banks. My study 

also raises new research questions for the future. One avenue for future research is to examine 

whether SFAS 166 and SFAS 167 change banks’ risk-taking behavior. Prior theoretical research 

suggests that less information uncertainty in the market leads to less risk-taking by managers, but 

that securitizing banks exhibit more risk-taking ex ante. Thus, it is an open empirical question 

about how SFAS 166 and SFAS 167 would affect the risk-taking behavior of banks. Lastly, 

research to further our understanding of implicit recourse is necessary. While implicit recourse is 

a very crucial part of securitizations, because it is difficult to empirically measure it, its 

implications are not very well understood.  
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Appendix. Variable Definitions 

Information Asymmetry: 

(1) SPREAD: Rolling average of daily bid-ask spread over 90 days. Daily spread is calculated 

as: 𝑆𝑃𝑅𝐸𝐴𝐷𝑖,𝑡 =
𝐴𝑠𝑘𝑖,𝑡−𝐵𝑖𝑑𝑖,𝑡

𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡
 × 100 , where 𝐵𝑖𝑑𝑖,𝑡 is the bid price of bank (i) on day 

(t), 𝐴𝑠𝑘𝑖,𝑡 is the ask price of bank (i) on day (t), and 𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡 is the midpoint of the bid 

and ask prices of bank (i) on day (t).  

(2) EFFECTIVE SPREAD: Rolling average of daily effective bid-ask spread over 90 days. Daily 

effective spread is calculated as: 𝐸𝐹𝐹𝑆𝑃𝑅𝐸𝐴𝐷𝑖,𝑡 = 2 × 𝑂𝑟𝑑𝑒𝑟_𝑆𝑖𝑔𝑛𝑖,𝑡  ×

 
𝑃𝑟𝑖𝑐𝑒𝑖,𝑡−𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡

𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡
 × 100 , where 𝑃𝑟𝑖𝑐𝑒𝑖,𝑡 is the closing price of bank (i) on day (t), and 

𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡 is the midpoint of the bid and ask prices of bank (i) on day (t). The factor 

𝑂𝑟𝑑𝑒𝑟_𝑆𝑖𝑔𝑛𝑖,𝑡 equals 1 for buy orders, and -1 for sell orders. An order is identified as a buy 

order if 𝑃𝑟𝑖𝑐𝑒𝑖,𝑡  >  𝑀𝑖𝑑𝑝𝑜𝑖𝑛𝑡𝑖,𝑡, and as a sell order otherwise. 

(3) ABS: Asset-backed securities, which is calculated as the sum of all securitized loans: 

calculated as: 𝐴𝐵𝑆𝑖,𝑞  =

[

(1 − 4 𝑓𝑎𝑚𝑖𝑙𝑦 𝑟𝑒𝑠𝑖𝑑𝑒𝑛𝑡𝑖𝑎𝑙 𝑚𝑜𝑟𝑡𝑔𝑎𝑔𝑒𝑠) + (𝑐𝑟𝑒𝑑𝑖𝑡 𝑐𝑎𝑟𝑑 𝑟𝑒𝑐𝑒𝑖𝑣𝑎𝑏𝑙𝑒𝑠)

+(ℎ𝑜𝑚𝑒 𝑒𝑞𝑢𝑖𝑡𝑦 𝑙𝑖𝑛𝑒𝑠 𝑜𝑓 𝑐𝑟𝑒𝑑𝑖𝑡) + (𝑎𝑢𝑡𝑜 𝑙𝑜𝑎𝑛𝑠) + (𝑜𝑡ℎ𝑒𝑟 𝑐𝑜𝑛𝑠𝑢𝑚𝑒𝑟 𝑙𝑜𝑎𝑛𝑠)

+(𝑐𝑜𝑚𝑚𝑒𝑟𝑐𝑖𝑎𝑙 𝑙𝑜𝑎𝑛𝑠) + (𝑖𝑛𝑑𝑢𝑠𝑡𝑟𝑖𝑎𝑙 𝑙𝑜𝑎𝑛𝑠) + (𝑎𝑙𝑙 𝑜𝑡ℎ𝑒𝑟)

]  

𝑇𝑜𝑡𝑎𝑙 𝐴𝑠𝑠𝑒𝑡𝑠𝑖,𝑞

⁄
  

(4) SECBANK: Dummy variable that indicates whether a bank is a U.S. securitizing bank. It 

equals 1 if a bank is a securitizing bank, and equals 0 otherwise.  

In the Changing Securitizing Sample (main sample): a bank is a securitizing bank if they 

report positive ABS at a given quarter (quarterly selection).  

(5) TOP25: Dummy variable that indicates whether a bank is in the top 25. It equals 1 if a 

securitizing bank is in the top 25 based on its market value in a given quarter. 

(6) COVERAGE: Analyst coverage, measured as the number of analysts following the bank in 

the latest earnings per share forecast. 

(7) STDRET: Rolling standard deviation of daily equity return over 90 days. 

(8) TSO: The natural logarithm of the number of common shares outstanding. 

(9) VOL: The natural logarithm of the trading volume. 

(10) VIX: CBOE Volatility Index. 
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(11) LEVERAGE: Bank leverage, computed as the ratio of total liabilities to total assets. 

(12) ROA: Return on assets.  

(13) SIZE: Bank size, computed as the natural logarithm of a bank’s total assets.  

(14) TIER1: Tier 1 capital ratio.  

(15) LOANS: On-balance sheet loans, calculated as the book value of on-balance sheet loans 

divided by total assets. 

(16) LLP: Loan loss provision, scaled by total assets. 

(17) CHGOFF: Net charge-offs on-balance-sheet loans, scaled by total assets. 

(18) NPL: Past due on-balance-sheet loans, scaled by total assets. 

(19) OFFBS: Off-balance sheet assets, calculated as the sum of commercial and similar letters 

of credit, unused commitments, commitments to fund loans not secured by real estate, 

and unused consumer credit lines, scaled by total assets. 

(20) SECINC: Securitization income and servicing fees, scaled by total assets. 

(21) BTM: Book-to-market, calculated as the ratio of book value of total equity to market value 

of total equity. The market value of total equity is calculated as the stock price multiplied 

by the outstanding number of shares. 

(22) RETINT: Total retained credit enhancing interest-only strips from all loan securitizations 

(i.e. mortgage, consumer loan, commercial loan securitizations), scaled by total assets.  

(23) STDINTINC: Rolling standard deviation of interest income over 8 quarters. 

(24) STDNONINTINC: Rolling standard deviation of non-interest income over 8 quarters. 

(25) SEC_CHGOFF: total net charge-offs on assets sold and securitized with recourse, scaled 

by total assets. 

(26) LIQUIDITY: Liquidity of a bank is measured as the sum of cash, available-for-sale 

securities, trading assets, federal funds sold, and securities purchased with intent to resell, 

scaled by total assets.  
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Table 1. Descriptive Statistics for Securitizing Banks 

Table 1 Panel A: Panel A reports descriptive statistics for securitizing banks used in the Changing Securitizing Sample. In the Changing Securitizing Sample, a 

securitizing bank is defined as a bank holding company that reports positive ABS in a given quarter (quarterly selection). The sample period covers between 
2001:Q2 and 2018:Q4. The pre-SFAS 166/167 period covers between 2001:Q2 and 2006:Q4, inclusively; the crisis period covers between 2007:Q1 and 2009:Q4, 
inclusively, and the post-SFAS 166/167 period covers between 2010:Q1 and 2018:Q4, inclusively. The extreme 1% of each tail of each variable is winsorized, 
excepting the lower tail of variables that are bounded below by zero observations. Please see Appendix for variable and sample definitions.  

 

Mean Std Q1 Median Q3 Mean Std Mean Std Mean Std

SPREAD 0.005 0.010 0.001 0.001 0.004 0.005 0.008 0.007 0.014 0.003 0.009

EFFSPRD 0.004 0.007 0.001 0.002 0.004 0.004 0.004 0.008 0.010 0.003 0.006

ABS 0.124 0.255 0.003 0.024 0.130 0.160 0.330 0.099 0.174 0.099 0.183

STDRET 0.023 0.018 0.013 0.017 0.025 0.016 0.007 0.050 0.026 0.020 0.012

TSO 18.480 2.155 16.896 18.519 20.095 18.220 2.163 18.301 2.298 18.812 2.042

VOL 13.201 2.644 11.478 13.414 15.157 12.464 2.422 13.845 2.948 13.672 2.551

VIX 2.971 0.377 2.635 2.902 3.199 2.923 0.373 3.353 0.254 2.859 0.318

LEVERAGE 0.889 0.067 0.880 0.900 0.913 0.896 0.072 0.887 0.084 0.883 0.051

ROA 0.006 0.008 0.003 0.005 0.009 0.009 0.007 0.001 0.012 0.005 0.007

SIZE 17.032 2.161 15.572 16.865 18.597 16.655 2.020 17.124 2.176 17.368 2.232

TIER1 0.071 0.051 0.058 0.075 0.091 0.083 0.040 0.090 0.046 0.051 0.055

LOANS 0.608 0.178 0.558 0.663 0.718 0.596 0.164 0.638 0.183 0.607 0.188

LLP 0.004 0.006 0.001 0.001 0.004 0.002 0.003 0.009 0.009 0.003 0.005

CHGOFF 0.003 0.005 0.000 0.001 0.004 0.002 0.003 0.006 0.007 0.003 0.005

NPL 0.014 0.018 0.004 0.008 0.015 0.007 0.006 0.022 0.019 0.018 0.022

OFFBS 0.145 0.128 0.064 0.112 0.177 0.086 0.057 0.083 0.050 0.228 0.153

SECINC 0.000 0.003 0.000 0.000 0.000 0.001 0.004 0.000 0.002 0.000 0.000

RETINTEREST 0.001 0.003 0.000 0.000 0.000 0.001 0.004 0.000 0.001 0.000 0.001

STDINTINC 0.008 0.002 0.007 0.008 0.009 0.009 0.002 0.007 0.002 0.007 0.003

STDNONINTINC 0.008 0.012 0.003 0.005 0.007 0.008 0.013 0.007 0.015 0.007 0.009

SEC_CHGOFF 0.001 0.005 0.000 0.000 0.000 0.001 0.007 0.001 0.005 0.000 0.001

2010 - 2018 

Post Period (N = 982)

Information Asymmetry:

Primary Variables:

Market Variables:

Bank Variables:

Full Period 

Changing Securitizing Sample (N = 2,569)

2002 - 2006 

Pre Period (N = 962)

2007 - 2009 

Crisis Period (N = 465)
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Table 1 Panel B: Panel B reports t-tests across different time periods for securitizing banks reported in the Changing Securitizing Sample. Please see Appendix 

for variable and sample definitions. 
 
 

(Pre vs Crisis) t -test Prob t (Pre vs Post) t -test Prob t (Crisis vs Post) t -test Prob t

SPREAD -0.0024 -3.2417 0.0013 0.0018 4.6297 0.0000 0.0042 5.5640 0.0000

EFFSPRD -0.0043 -8.1667 0.0000 0.0011 4.6716 0.0000 0.0054 10.0044 0.0000

ABS 0.0608 4.4450 0.0000 0.0609 5.0498 0.0000 0.0000 0.0043 0.9966

STDRET -0.0335 -25.5098 0.0000 -0.0033 -7.5294 0.0000 0.0302 22.4104 0.0000

TSO -0.0808 -0.6177 0.5369 -0.5913 -6.2204 0.0000 -0.5105 -3.8645 0.0001

VOL -1.3811 -8.2931 0.0000 -1.2076 -10.7409 0.0000 0.1735 1.0304 0.3032

VIX -0.4300 -24.6477 0.0000 0.0641 4.0474 0.0001 0.4940 30.0839 0.0000

LEVERAGE 0.0089 1.8565 0.0638 0.0133 4.7160 0.0000 0.0044 0.9812 0.3269

ROA 0.0075 11.7332 0.0000 0.0035 11.2603 0.0000 -0.0040 -6.1852 0.0000

SIZE -0.4688 -3.8214 0.0001 -0.7127 -7.4094 0.0000 -0.2439 -1.8553 0.0638

TIER1 -0.0066 -2.4849 0.0132 0.0322 14.7271 0.0000 0.0388 13.3595 0.0000

LOANS -0.0422 -3.9980 0.0001 -0.0109 -1.3684 0.1713 0.0312 2.8220 0.0048

LLP -0.0068 -14.4021 0.0000 -0.0009 -4.7560 0.0000 0.0059 12.0759 0.0000

CHGOFF -0.0044 -11.6366 0.0000 -0.0015 -7.5865 0.0000 0.0029 7.1582 0.0000

NPL -0.0150 -15.2269 0.0000 -0.0116 -15.7153 0.0000 0.0034 2.8613 0.0043

OFFBS 0.0023 0.7598 0.4476 -0.1423 -27.3341 0.0000 -0.1447 -26.4039 0.0000

SECINC 0.0006 3.5727 0.0004 0.0009 7.4695 0.0000 0.0003 3.1505 0.0018

RETINTEREST 0.0011 8.0625 0.0000 0.0013 10.0786 0.0000 0.0002 6.0291 0.0000

STDINTINC 0.0013 9.4217 0.0000 0.0010 9.3413 0.0000 -0.0003 -1.9780 0.0483

STDNONINTINC 0.0011 1.3061 0.1920 0.0016 3.0836 0.0021 0.0005 0.6033 0.5466

SEC_CGHOFF 0.0002 0.5738 0.5662 0.0012 5.0216 0.0000 0.0010 4.2410 0.0000

Changing Securitizing Sample

Information Asymmetry:

Primary Variables:

Market Variables:

Bank Variables:
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Table 2. Multivariate Analysis of Information Asymmetry and Total Asset-Backed 

Securities from the pre- to the post-SFAS 166/167 periods 
 
This table reports coefficient estimates of the following OLS specification using securitizing banks: 
𝐴𝑆𝑌𝑀𝑀𝐸𝑇𝑅𝑌𝑖,𝑡  = ∝  + 𝛽1𝐴𝐵𝑆𝑖,𝑡 +  𝛽2𝑃𝑂𝑆𝑇𝑡 + 𝛽3𝐴𝐵𝑆𝑖,𝑡  × 𝑃𝑂𝑆𝑇𝑡 +  𝛾′𝑋𝑖,𝑡 +  𝜇 .  

*, **, *** denote statistical significance at 10%, 5%, and 1%, respectively based on two-tailed tests. Parameter 
estimates are computed using OLS with bank, quarter and year fixed effects. Standard errors are cluster-adjusted by 
bank. In the Changing Securitizing Sample, a securitizing bank is defined as a bank holding company that reports 
positive ABS in a given quarter (quarterly selection). The sample period covers between 2001:Q2 and 2018:Q4. Please 
see Appendix for variable and sample definitions. 

 

Standardized 

Estimates
t -value

Standardized 

Estimates
t -value

Intercept 0.0000 -0.06 0.0000 -1.06

ABS 0.0114 1.77 * 0.0443 1.99 **

POST 0.1624 2.92 *** 0.1350 1.89 *

ABS x POST -0.0546 -2.89 *** -0.0563 -2.64 ***

STDRET 0.1669 5.06 *** 0.3108 8.91 ***

TSO 0.0015 0.01 -0.0955 -1.00

VOL -0.5428 -5.45 *** -0.5360 -5.30 ***

VIX -0.0090 -0.33 -0.0286 -0.94

LEVERAGE 0.3806 4.33 *** 0.5245 6.21 ***

ROA -0.0470 -1.75 * -0.0723 -2.67 ***

SIZE -0.4081 -2.95 *** -0.2542 -1.69 *

TIER1 -0.0160 -0.35 -0.0691 -1.11

LOANS 0.1677 3.22 *** 0.1697 2.90 ***

CHGOFF 0.0170 0.52 0.0179 0.47

OFFBS -0.0057 -0.27 0.0052 0.23

SECINC 0.0008 0.03 0.0058 0.25

RETINT 0.0821 1.97 ** 0.0635 1.93 *

STDINTINC 0.0319 1.19 0.0528 2.01 **

STDNONINTINC 0.0195 0.32 0.0568 0.64

SEC_CHGOFF 0.0206 1.01 0.0239 1.38

Bank FE YES YES

Quarter FE YES YES

Year FE YES YES

N 2,569 2,569

Adj. R-Square 74.29% 72.58%

CHANGING SECURITIZING SAMPLE

Model (1) Model (2)

Dep: SPREAD Dep: EFFECTIVE SPREAD
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Table 3. Multivariate Analysis of Information Asymmetry and Bank Visibility 

This table reports coefficient estimates of the following OLS specification using securitizing banks: 
𝑆𝑃𝑅𝐸𝐴𝐷𝑖,𝑡  = ∝  + 𝛽1𝐴𝐵𝑆𝑖,𝑡 +  𝛽2𝑃𝑂𝑆𝑇𝑡 +  𝛽3𝐴𝐵𝑆𝑖,𝑡 × 𝑃𝑂𝑆𝑇𝑡 +  𝛽4𝑉𝐼𝑆𝐼𝐵𝐼𝐿𝐼𝑇𝑌𝑖,𝑡 

+ 𝛽5𝑉𝐼𝑆𝐼𝐵𝐼𝐿𝐼𝑇𝑌𝑖,𝑡  × 𝑃𝑂𝑆𝑇𝑡+ 𝛽6𝑉𝐼𝑆𝐼𝐵𝐼𝐿𝐼𝑇𝑌𝑖,𝑡  × 𝐴𝐵𝑆 𝑖,𝑡 × 𝑃𝑂𝑆𝑇𝑡 + 𝛾′𝑋𝑖,𝑡 +  𝜇  

*, **, *** denote statistical significance at 10%, 5%, and 1%, respectively based on two-tailed tests. Parameter 
estimates are computed using OLS with bank, quarter and year fixed effects. Standard errors are cluster-adjusted by 
bank. The sample period covers between 2001:Q2 and 2018:Q4. Please see Appendix for variable and sample 
definitions. 
 

Standardized 

Estimates
t -value

Standardized 

Estimates
t -value

Standardized 

Estimates
t -value

Intercept 0.0000 0.05 0.0000 1.13 0.0000 -0.35

ABS 0.0176 0.59 0.0075 0.25 -0.0029 -0.09

POST 0.0723 0.29 0.1313 2.53 ** 0.1822 3.16 ***

ABS x POST -0.8054 -3.40 *** -0.0980 -3.86 *** -0.1446 -4.22 ***

ABS x POST x SIZE 0.7003 3.32 ***

ABS x POST x TOP25 0.0488 3.96 ***

ABS x POST x COVERAGE 0.0853 4.67 ***

TOP25 -0.0426 -1.93 *

COVERAGE -0.0280 -2.35 **

POST x SIZE 0.1296 0.54

POST x TOP25 0.0450 2.31 **

POST x COVERAGE -0.0037 -0.28

STDRET 0.1669 5.12 *** 0.1776 5.21 *** 0.1696 5.15 ***

TSO 0.0206 0.14 -0.1100 -1.72 * 0.0505 0.35

VOL -0.5507 -5.48 *** -0.5572 -5.66 *** -0.5702 -5.59 ***

VIX -0.0086 -0.32 -0.0129 -0.46 -0.0053 -0.19

LEVERAGE 0.4187 4.71 *** 0.3423 3.83 *** 0.4044 4.56 ***

ROA -0.0427 -1.58 -0.0424 -1.55 -0.0458 -1.71 *

SIZE -0.5458 -3.90 *** -0.4977 -3.31 *** -0.4319 -3.13 ***

TIER1 -0.0177 -0.38 -0.0576 -1.43 -0.0199 -0.43

LOANS 0.2114 3.86 *** 0.1885 3.45 *** 0.2000 3.75 ***

CHGOFF 0.0150 0.46 0.0308 0.97 0.0185 0.56

OFFBS -0.0541 -2.12 ** -0.0476 -1.97 ** -0.0213 -1.02

SECINC -0.0110 -0.49 -0.0124 -0.54 0.0070 0.32

RETINT 0.0758 1.87 * 0.0655 1.59 0.0704 1.76 *

STDINTINC 0.0376 1.41 0.0432 1.75 * 0.0279 1.04

STDNONINTINC 0.0027 0.04 0.0437 0.81 0.0421 0.66

SEC_CHGOFF 0.0146 0.70 0.0137 0.65 0.0140 0.68

Bank FE YES YES YES

Quarter FE YES YES YES

Year FE YES YES YES

N 2,569 2,569 2,304

Adj. R-Square 74.53% 76.72% 74.49%

Dep: SPREAD Dep: SPREAD Dep: SPREAD

CHANGING SECURITIZING SAMPLE

Model (1) Model (2) Model (3)
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Table 4. Propensity Score Matching 

This table reports coefficient estimates of the following ordered logistic regression using a set of securitizing and non-

securitizing banks: 𝑃(𝑆𝐸𝐶𝐵𝐴𝑁𝐾𝑖,𝑡  = 1 | 𝑋𝑖,𝑡−1).  

Parameter estimates are computed using logistic regression with time fixed effects. Please see Section 6 for detailed 
information on the matching procedure and Appendix for variable and sample definitions.  

 
 

Estimate
Wald Chi-

Square
Pr > ChiSq

Intercept 10.954 70.90 0.0000

SIZE -0.016 0.48 0.4873

LIQUIDITY -6.908 155.32 0.0000

LOANS -2.861 35.06 0.0000

LEVERAGE -7.058 36.88 0.0000

CHGOFFS 116.211 33.49 0.0000

LLP -41.641 5.51 0.0189

OFFBS -1.057 24.39 0.0000

BTM 0.111 8.15 0.0043

STDRET 13.043 9.30 0.0023

STDINTINC -135.016 60.86 0.0000

STDNONINTINC -13.503 7.49 0.0062

Year FE Yes

Quarter FE Yes

Bank FE Yes

Adj. R-square 31.21%

Number of 

Observations
4,578

CHANGING SECURITIZING SAMPLE
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Table 5. Descriptive Statistics of the Matched Sample 

This table reports descriptive statistics for securitizing and non-securitizing banks used in the Matched Sample. Securitizing banks are matched with non-securitizing 
banks using a propensity score matching model. Please see Section 6 for further details. The sample period covers between 2001:Q2 and 2018:Q4. The extreme 
1% of each tail of each variable is winsorized, excepting the lower tail of variables that are bounded below by zero observations. Please see Appendix for variable 
and sample definitions. 
 

Mean Std Median Mean Std Mean Std t -value Prob t

SPREAD 0.005 0.010 0.002 0.006 0.012 0.005 0.011 1.49 0.1361

EFFSPRD 0.005 0.007 0.002 0.005 0.007 0.004 0.007 0.10 0.9176

SIZE 16.357 1.890 16.302 15.984 1.707 16.709 2.002 -3.02 0.0026

LIQUIDITY 0.266 0.125 0.240 0.275 0.130 0.259 0.120 3.66 0.0003

LOANS 0.631 0.155 0.666 0.635 0.160 0.626 0.153 -0.59 0.5563

LEVERAGE 0.896 0.025 0.899 0.896 0.033 0.894 0.045 2.16 0.0312

CHGOFF 0.003 0.004 0.001 0.003 0.005 0.003 0.005 -0.69 0.4882

LLP 0.003 0.005 0.001 0.003 0.006 0.003 0.006 0.04 0.9660

OFFBS 0.143 0.137 0.108 0.139 0.178 0.153 0.149 -1.96 0.0504

BTM 0.939 0.887 0.758 0.912 0.791 0.965 0.968 -4.29 0.0000

STDRET 0.023 0.017 0.017 0.023 0.019 0.023 0.018 -0.63 0.5270

STDINTINC 0.008 0.002 0.008 0.008 0.002 0.008 0.002 0.65 0.5128

STDNONINTINC 0.005 0.005 0.004 0.005 0.010 0.006 0.010 -0.78 0.4374

Matching covariates:

Full Period

Matched Sample (N = 2,780) Non-securitizing Securitizing 

Information Asymmetry:
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Table 6. Multivariate Analysis of Information Asymmetry and Total Asset-Backed 

Securities using the Matched Sample 

 
This table reports coefficient estimates of the following OLS specification using the matched sample: 
𝐴𝑆𝑌𝑀𝑀𝐸𝑇𝑅𝑌𝑖,𝑡  = ∝  + 𝛽1𝐴𝐵𝑆𝑖,𝑡 +  𝛽2𝑃𝑂𝑆𝑇𝑡 + 𝛽3𝐴𝐵𝑆𝑖,𝑡  × 𝑃𝑂𝑆𝑇𝑡 +  𝛾′𝑋𝑖,𝑡 +  𝜇 .  

*, **, *** denote statistical significance at 10%, 5%, and 1%, respectively based on two-tailed tests. Parameter 
estimates are computed using OLS with bank, quarter and year fixed effects. Standard errors are cluster-adjusted by 
bank. Please see Appendix for variable and sample definitions. 

 

 

Standardized 

Estimates
t -value

Standardized 

Estimates
t -value

Intercept 0.0000 -0.49 0.0000 -0.89

ABS 0.0821 1.81 * 0.0308 1.83 *

POST 0.0677 1.87 * 0.0365 1.83 *

ABS x POST -0.0281 -3.82 *** -0.0276 -3.51 ***

STDRET 0.1619 5.56 *** 0.2701 8.36 ***

TSO 0.1970 1.57 0.0674 0.72

VOL -0.6910 -7.09 *** -0.6272 -6.62 ***

VIX -0.0207 -0.94 -0.0422 -1.87 *

LEVERAGE 0.0875 3.59 *** 0.1266 4.69 ***

ROA -0.0346 -1.70 * -0.0586 -2.69 ***

SIZE -0.1683 -1.44 -0.1152 -0.91

TIER1 -0.0063 -0.24 -0.0349 -0.91

LOANS 0.1022 3.09 *** 0.1029 2.94 ***

CHGOFF 0.0206 0.91 -0.0021 -0.09

OFFBS 0.0001 0.00 -0.0127 -0.61

SECINC 0.0048 0.26 0.0093 0.45

RETINT 0.0159 1.03 0.0062 0.28

STDINTINC 0.0091 0.39 0.0529 2.10 **

STDNONINTINC 0.0491 0.80 0.0647 0.84

SEC_CHGOFF 0.0027 0.32 -0.0024 -0.21

Bank FE YES YES

Quarter FE YES YES

Year FE YES YES

N 2,780 2,780

Adj. R-Square 79.86% 77.76%

Dep: EFFECTIVE SPREAD

MATCHED SAMPLE

Model (1) Model (2)

Dep: SPREAD


